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This paper focuses on the research methods used to analyse customer
sentiment and language patterns in online reviews to evaluate service
quality. The study uses TripAdvisor reviews of AirAsia from the pre-
pandemic period (2017-2019). It applies the SERVQUAL model to
assess five key dimensions of service quality: tangibility, reliability,
responsiveness, assurance, and empathy. Qualitative and quantitative
methods were used, including sentiment analysis and thematic coding,
to interpret customer feedback accurately. The process involved
collecting relevant reviews, preparing the data, analysing customer
sentiment, and mapping the findings to the SERVQUAL dimensions.
Tools such as NVivo and Python libraries were employed for data
processing and analysis. The paper highlights the challenges faced
during the study, such as handling biased sentiments and language
variations, and outlines steps to ensure reliability and validity. This
research methodology offers a systematic way to understand customer
experiences and provides a valuable approach for businesses looking to
improve service quality based on customer feedback.

1. Introduction

Customer sentiment and feedback are valuable sources of information for companies looking to improve
their service quality. In recent years, the rise of online review platforms like TripAdvisor has provided both
customers and businesses with a space to share and access detailed feedback. According to Wen et al.
(2024), understanding customer sentiment is essential for companies to maintain competitiveness and meet
customer expectations. This is especially true in the airline industry, where service quality can directly
influence customer loyalty and satisfaction (Xue & Ylagan, 2024).

Service quality is often measured using the SERVQUAL model, which evaluates five key dimensions:
tangibility, reliability, responsiveness, assurance, and empathy (Parasuraman et al., 1988). Though this
model was introduced decades ago, its relevance persists in today's service industries, including airlines.
Customer feedback, in the form of online reviews, offers rich insights that align with these dimensions.
However, the challenge lies in accurately analysing the sentiment and language used in such reviews to
extract meaningful information (Jim et al., 2024; Sharma et al., 2024).
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Sentiment analysis has emerged as a powerful method to address this challenge. It combines linguistics,
data mining, and computational techniques to identify and evaluate subjective opinions within a text (Xing
etal., 2020).). Sentiment analysis can reveal whether a review is positive or negative and the specific aspects
of service that lead to customer satisfaction or dissatisfaction (Shaban & Abolwafa, 2024; Yang et al.,
2023). When applied alongside thematic coding, this method can provide a deeper understanding of
customer experiences and highlight improvement areas (Bryda & Sadowski, 2024).

This paper explains the research methodology used to analyse customer sentiment and language patterns
in TripAdvisor reviews of AirAsia during the pre-pandemic period (2017-2019). By focusing on the
SERVQUAL model, the study outlines a systematic approach to evaluating service quality through online
reviews. This research contributes to understanding how customer feedback can inform service
improvements and provides a clear method for future studies in service quality assessment.

In today’s competitive airline industry, providing high-quality service is essential for maintaining
customer loyalty and satisfaction. Customers increasingly share their experiences through online platforms
like TripAdvisor, which provides valuable feedback for service providers. However, interpreting these
reviews can be challenging due to the large volume of data, the variation in customer language, and the
presence of both positive and negative sentiments (Subha et al., 2024).

AirAsia, a leading low-cost carrier in Asia, received significant customer feedback during the pre-
pandemic period (2017-2019) (Leet et al., 2024; Teoh et al., 2024). While many studies focus on general
customer satisfaction, fewer studies provide a precise method for analysing the sentiment and language
patterns found in these reviews, mainly through the lens of the SERVQUAL model. Without a reliable
method for analysing these reviews, valuable insights into service quality may be overlooked, affecting the
airline’s ability to meet customer expectations and improve its services.

This paper aims to achieve the following objectives:

1.  To outline the research methods used to collect and analyse customer sentiment and language
patterns from TripAdvisor reviews of AirAsia during the pre-pandemic period (2017-2019).

2. To explain how sentiment analysis and thematic coding can be applied to identify key themes
related to the five SERVQUAL dimensions: tangibility, reliability, responsiveness, assurance, and
empathy.

3. To highlight challenges faced during the analysis and describe steps to ensure the reliability and
validity of the findings.

4.  To provide a systematic approach to help other researchers and businesses analyse customer
feedback effectively.

This paper analyses customer reviews of AirAsia collected from TripAdvisor between 2017 and 2019.
The analysis is limited to reviews written in English and concentrates on the five SERVQUAL dimensions
to assess service quality. The study interprets the data using sentiment analysis tools and thematic coding
methods. It does not cover post-pandemic reviews or other airlines. Additionally, the paper focuses on the
research methodology, not the detailed findings or recommendations for AirAsia.

2. Literature Review
2.1 Sentiment Analysis in Customer Feedback

Sentiment analysis has become important for understanding customer opinions and improving service
quality. It involves using computational methods to identify and evaluate the feelings expressed in text data.
According to Ashbaugh and Zhang (2024), sentiment analysis helps businesses detect patterns in customer
feedback by classifying reviews as positive, negative, or neutral. This analysis is especially useful for
companies that receive large amounts of feedback through online platforms. For example, in the airline
industry, customers often share their travel experiences on platforms like TripAdvisor, providing a wealth
of data for analysis (Ercan et al., 2020).

The growing use of artificial intelligence and natural language processing (NLP) has improved the
accuracy of sentiment analysis. NLP tools can identify subtle emotional cues and contextual meanings in
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customer reviews (Sarraf & Abbaspour, 2024). These tools help companies gain deeper insights into what
aspects of their services customers appreciate and what areas need improvement. For instance, a study by
Ashbaugh and Zhang (2024) found that applying sentiment analysis to online reviews helped identify
specific factors affecting customer satisfaction, such as staff behaviour, flight punctuality, and cabin
comfort.

2.2 The Role of Language Analysis in Service Quality Research

Language analysis in customer feedback goes beyond just identifying sentiment; it involves
understanding customers' specific words and expressions to describe their experiences. Analysing these
language patterns helps businesses identify recurring themes and issues. For example, Shaban and
Abolwafa (2024) demonstrated that analysing customer language in hotel reviews could reveal common
concerns about cleanliness and customer service. Similarly, language analysis can uncover concerns related
to delays, baggage handling, or staff responsiveness in the airline industry.

Combining sentiment and language analysis provides a more detailed view of customer opinions.
According to Shaban and Abolwafa (2024), this combination allows businesses to see whether customers
are satisfied or dissatisfied and why they feel that way. This approach helps companies develop targeted
strategies to improve service quality.

2.3 SERVQUAL Model in Airline Service Quality

The SERVQUAL model, introduced by Parasuraman et al. (1988), is widely used to measure service
quality. It focuses on five key dimensions: tangibility, reliability, responsiveness, assurance, and empathy.
Although the model has been around for decades, it remains relevant today. Recent studies confirm its
usefulness in assessing service quality across different industries, including airlines (Wilfred et al., 2024).

These five dimensions are critical for understanding customer experiences in the airline industry.
Tangibility refers to physical aspects like the condition of the aircraft and facilities. Reliability involves
delivering consistent and dependable service, such as on-time departures and arrivals. Responsiveness
focuses on the willingness of staff to help customers promptly. Assurance covers staff knowledge,
professionalism, and making customers feel safe. Empathy refers to providing personalized and caring
service (Ramadan Atta et al., 2024).

Melka (2024) applied the SERVQUAL model to airline reviews and found that reliability and
responsiveness were the most influential factors affecting customer satisfaction. This demonstrates the
importance of using a structured approach like SERVQUAL to analyse customer feedback and identify
areas for improvement.

2.4 Challenges in Sentiment and Language Analysis

While sentiment and language analysis offer valuable insights, they come with challenges. One issue is
the language variation used by customers. People may express similar experiences using different words,
making it difficult to identify patterns (Ashbaugh & Zhang, 2024). Another challenge is handling biased or
misleading reviews. For example, extremely positive or negative reviews may not accurately reflect the
overall customer experience (Ashbaugh & Zhang, 2024)

Additionally, analysing large amounts of data requires reliable tools and methods. According to Sharma
et al. (2024), using advanced sentiment analysis tools can improve accuracy, but researchers still need to
review some data to ensure the findings are valid manually. Ensuring the reliability and validity of the
analysis process is essential for producing trustworthy results (Karnia. 2024).

The combination of sentiment analysis, language analysis, and the SERVQUAL model provides a
structured way to evaluate customer feedback in the airline industry. This approach helps businesses
identify specific areas of service that need improvement. However, researchers must be aware of the
challenges, such as language variability and biased reviews, and use reliable methods to overcome these
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issues. This paper applies these methods to analyse TripAdvisor reviews of AirAsia during the pre-
pandemic period to understand service quality from the customer’s perspective.

3. Research Design and Methodology

This section explains the methods used to collect, analyse, and interpret customer reviews of AirAsia
from TripAdvisor. The research design involves a systematic approach using both qualitative and
quantitative methods to analyse customer sentiment and language patterns. This approach helps identify
how customer feedback reflects the five SERVQUAL dimensions of service quality: tangibility, reliability,
responsiveness, assurance, and empathy.

This study uses a mixed-methods approach, combining qualitative and quantitative techniques to ensure
a comprehensive analysis. According to Creswell and Creswell (2018), mixed-methods research allows for
a deeper understanding by combining numerical data analysis (quantitative) with detailed interpretation of
language and themes (qualitative). In this study, sentiment analysis provides the quantitative component by
assigning scores to customer reviews. In contrast, thematic coding provides qualitative insights by
identifying recurring themes in the customer language.

3.1 Data Collection

This study uses customer reviews of AirAsia posted on TripAdvisor during the pre-pandemic period
(2017-2019). To maintain consistency, only reviews written in English were included. The selection criteria
focused on relevance, completeness, and clarity. Reviews containing detailed feedback about specific
aspects of the service, such as flight experience or customer service, were prioritized. Duplicate or irrelevant
reviews were excluded to ensure the quality of the dataset. 500 reviews were collected to provide a diverse
representation of customer experiences while maintaining a manageable sample size for detailed analysis
(Wutich et al., 2024).

3.2 Data Analysis Methods

The analysis involved two key methods: sentiment analysis and thematic coding. Sentiment analysis
was conducted using tools like NVivo and Python libraries, including TextBlob and VADER (Valence
Aware Dictionary and Sentiment Reasoner). These tools effectively evaluated the sentiment in the text,
categorizing it as positive, negative, or neutral (Sherin Beevi et al., 2024). The analysis quantified customer
satisfaction by assigning sentiment scores and revealed overall trends in customer sentiment (Shaban &
Abolwafa, 2024).

Thematic coding was employed to identify recurring themes and patterns in customer language. Each
review was carefully analysed and categorized according to the SERVQUAL dimensions: tangibility,
reliability, responsiveness, assurance, and empathy (Chatterjee et al., 2022). For example, comments on
aircraft condition or seat comfort were categorized under tangibility, while comments on flight delays were
linked to reliability. This method provided insights into the specific aspects of service quality that
influenced customer experiences.

The analysis framework integrated sentiment scores with thematic categories, linking the emotional
tone of the reviews (positive, negative, or neutral) to specific service quality dimensions. For instance, a
negative sentiment linked to responsiveness might highlight dissatisfaction with staff behaviour (Xiao et
al., 2022).

3.3 Research Procedures
To prepare the data for analysis, a systematic cleaning and preprocessing process was implemented.

Irrelevant content, such as advertisements and duplicate entries, was removed, and non-informative reviews
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were excluded (Ahuja et al., 2024).). Text preprocessing involved converting all text to lowercase,
removing punctuation, and filtering out common stop words such as “the,” “and” and “but.”

For sentiment analysis, the cleaned data was processed using sentiment analysis tools, which assigned
scores to each review and categorized them as positive, negative, or neutral. Thematic coding involved
manually reviewing each comment to identify feedback related to the SERVQUAL dimensions. To ensure
consistency, the coding process was cross-verified by two independent researchers (Shaban & Abolwafa,
2024).

3.4 Reliability and Validity

Ensuring reliability and validity was critical to achieving accurate and meaningful results. To cross-
check outcomes, reliability was strengthened using multiple sentiment analysis tools, such as NVivo,
TextBlob, and VADER (Barik & Misra, 2024). Additionally, inter-coder reliability was assessed during the
thematic coding process to ensure agreement among researchers (Halpin, 2024).

Validity was supported using the well-established SERVQUAL framework and consistently applying
coding rules to all reviews (Arlia et al., 2024). To further confirm the validity, sample reviews were
reanalysed at different stages of the study to ensure consistency in the findings. This thorough approach to
reliability and validity enhances the robustness of the research outcomes.

4. Discussion of Methodological Challenges

While sentiment analysis and thematic coding provide valuable insights, several challenges emerged
during the research process. These challenges are common in analysing customer reviews, especially when
working with large amounts of text data. Addressing these challenges is important to ensure the accuracy
and reliability of the findings.

4.1 Language Variability

One major challenge in this study was the language variation used by customers. Customers express
similar experiences differently, which can complicate identifying patterns. For example, some customers
may use direct language like “the flight was delayed,” while others may express frustration indirectly, such
as “I waited too long at the gate” (Packard & Berger, 2021). This variability made it difficult for sentiment
analysis tools to detect the same issues consistently.

To address this challenge, manual verification of coded themes was conducted. According to Liu et al.
(2024), combining automated tools with human oversight improves accuracy and helps detect subtle
variations in language.

4.2 Ambiguity and Context Dependency

Customer reviews often contain ambiguous statements that are difficult for sentiment analysis tools to
interpret accurately. For instance, a review like “The flight was late, but the staff handled it well” contains
negative and positive sentiments. Automated tools sometimes struggle to understand the context and assign
an accurate sentiment score (Islam et al., 2024).

To reduce this issue, contextual analysis was applied during thematic coding. Reviews were read
carefully to ensure the sentiment and the specific SERVQUAL dimension were correctly identified. This
approach aligns with Bryda and Sadowski (2024), who recommend combining machine analysis with
human judgment to handle context-dependent statements.
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4.3 Handling Biased and Extreme Reviews

Online reviews can sometimes be biased or exaggerated, with customers expressing extreme
dissatisfaction or overly optimistic opinions. These reviews can distort the overall sentiment analysis results
(Kim, 2021). For example, a single negative experience may lead a customer to write an extremely harsh
review, which may not reflect the overall service quality.

To address this challenge, reviews were screened for extreme bias and balanced by including many
reviews to ensure diverse perspectives (Krukowski et al., 2024). Additionally, reviews with balanced
feedback were given greater weight during the interpretation process.

4.4 Data Cleaning and Preprocessing Issues

Preparing data for analysis involved cleaning and filtering out irrelevant content, which was time-
consuming. Reviews often contained emojis, informal language, or inconsistent formatting, making it
necessary to preprocess the text thoroughly (Prakash, 2024).

Standard preprocessing techniques, such as converting text to lowercase, removing punctuation, and
filtering out common stop words, were applied to manage this. These steps ensured the data was clean and
suitable for analysis (Chai, 2023).

4.5 Tool Limitations

While sentiment analysis tools like TextBlob and VADER are helpful, they have limitations. These
tools sometimes struggle with sarcasm, slang, or mixed sentiments (Naiman, 2025). For example, a
sarcastic comment like “Great, another delayed flight!” may be misinterpreted as positive. Multiple tools
were used to cross-check the sentiment scores to mitigate this, and a manual review was conducted for
comments flagged as uncertain (Nandwani & Verma, 2021).

5. Conclusion

This paper systematically analyses customer sentiment and language patterns in TripAdvisor reviews
of AirAsia during the pre-pandemic period (2017-2019). The research methodology combines sentiment
analysis and thematic coding to evaluate service quality based on the five SERVQUAL dimensions:
tangibility, reliability, responsiveness, assurance, and empathy. This mixed-methods approach allows for a
comprehensive understanding of customer feedback and identifies specific areas of service that require
improvement.

While the study offers valuable insights, several challenges, such as language variability, ambiguity,
biased reviews, and tool limitations, were encountered during the analysis. The research ensures reliability
and validity by addressing these challenges through manual verification, contextual analysis, and multiple
tools.

This methodology can serve as a guide for other researchers and businesses seeking to analyse
customer feedback systematically. Companies can make informed decisions to improve service quality and
enhance customer satisfaction by understanding customer sentiment and language patterns.

6. References
Ahuja, L., Singh, B., & Simon, R. (2024). Data cleaning: Paving the way for accurate and clean data.

Global Journal of Enterprise  Information  System, 16(1), 18-25. Retrieved from
https://gjeis.com/index.php/GJEIS/article/view/758.

https://doi.org/10.24191/abrij.v10i2 ©UiTM Press, Universiti Teknologi MARA



81 Idris & Zainuddin / Advances in Business Research International Journal (2024) Vol. 10, No. 2

Arlia, D., van Esch, P., & Weavenc, S. (2024). The impact of SERVQUAL on consumers’ satisfaction,
loyalty, and intention to use online food delivery services. Journal of Promotion Management, 30(7), 1159-
1188. https://doi.org/10.1080/10496491.2024.2372858

Ashbaugh, L., & Zhang, Y. (2024). A comparative study of sentiment analysis on customer reviews
using machine learning and deep learning. Computers, 13(12), 340.
https://doi.org/10.3390/computers13120340

Barik, K., & Misra, S. (2024). Analysis of customer reviews with an improved VADER lexicon
classifier. Journal of Big Data, 11(10). https://doi.org/10.1186/s40537-023-00861-x

Bryda, G., & Sadowski, D. (2024). From words to themes: Al-powered qualitative data coding and
analysis. Lecture Notes in Networks and Systems, 1061, 309-345. https://doi.org/10.1007/978-3-031-
65735-1_19

Chai, C. P. (2023). Comparison of text preprocessing methods. Natural Language Engineering, 29(3),
509-553. https://doi.org/10.1017/S1351324922000213

Chatterjee, S., Ghatak, A., Nikte, R., Gupta, S., & Kumar, A. (2022). Measuring SERVQUAL
dimensions and their importance for customer-satisfaction using online reviews: A text mining approach.
Journal of Enterprise Information Management, 36(1), 22—44. https://doi.org/10.1108/JEIM-06-2021-
0252.

Creswell, J. W., & Creswell, J. D. (2018). Research design: Qualitative, quantitative, and mixed methods
approaches (5th ed.). SAGE Publications.

Ercan, F., Efe, R., & Atasoy, E. (2020). An analysis of customer complaints for airline companies in
TripAdvisor: The case of Turkish Airlines. In V. Krystev & M. S. Dinu (Eds.), Advances in Social Science
Research  (pp. 500-522). St. Kliment Ohridski  University Press. Retrieved from
https://www.researchgate.net/publication/344543341_An_Analysis_of Customer_Complaints_for_Airlin
e_Companies_in_TripAdvisor_The_Case_of Turkish_Airlines.

Halpin, S. N. (2024). Inter-coder agreement in qualitative coding: Considerations for its use. American
Journal of Qualitative Research, 8(3), 23-43. https://doi.org/10.29333/ajqr/14887

Jim, J. R, Talukder, M. A. R., Malakar, P., Kabir, M. M., & Mridha, M. F. (2024). Recent advancements
and challenges of NLP-based sentiment analysis: A state-of-the-art review. Natural Language Processing
Journal, 6(1), 100059. https://doi.org/10.1016/j.n1p.2024.100059

Karnia, R. (2024). Importance of reliability and validity in research. Psychology and Behavioural
Sciences, 13(6), 137-141. https://doi.org/10.11648/j.pbs.20241306.11

Kim, R. Y. (2021). Using online reviews for customer sentiment analysis. IEEE Engineering
Management Review, 49(4), 162-168. https://doi.org/10.1109/EMR.2021.3103835

Krukowski, R. A., Denton, A. H., & Konig, L. M. (2024). Impact of feedback generation and
presentation on self-monitoring behaviours, dietary intake, physical activity, and weight: A systematic
review and meta-analysis. International Journal of Behavioural Nutrition and Physical Activity, 21(3).
https://doi.org/10.1186/512966-023-01555-6

Lee, J. Y., Md Saad, N. H., Zhu, K., & ElSayad, G. (2024). Evaluating airline passengers' satisfaction
during the COVID-19 pandemic: A case study of AirAsia services through sentiment analysis and topic
modelling. CommIT Journal, 18(2), 137-150. Retrieved Evaluating Airline Passengers' Satisfaction During
the COVID-19 Pandemic: A Case Study of AirAsia Services Through Sentiment Analysis and Topic
Modelling

Islam, M. S., Kabir, M. N., Ab Ghani, N., Zamli, K. Z., Zulkifli, N. S. A., Rahman, M. M., & Moni, M.
A. (2024). Challenges and future in deep learning for sentiment analysis: A comprehensive review and a
proposed novel hybrid approach. Artificial Intelligence Review, 57, 62. https://doi.org/10.1007/s10462-
023-10651-9.

Liu, Y., Checa, M., & Vasudevan, R. K. (2024). Synergizing human expertise and Al efficiency with
language model for microscopy operation and automated experiment design. arXiv preprint
arXiv:2401.13803. https://doi.org/10.48550/arXiv.2401.13803

https://doi.org/10.24191/abrij.v10i2 ©UiTM Press, Universiti Teknologi MARA



82 Idris & Zainuddin / Advances in Business Research International Journal (2024) Vol. 10, No. 2

Melka, G. T. (2024). The effect of service quality on customer satisfaction: The case of Ethiopian
Airlines. International Journal of Scientific and Research Publications, 14(6), 15025.
https://doi.org/10.29322/1JSRP.14.06.2024.p15025.

Nandwani, P., & Verma, R. (2021). A review on sentiment analysis and emotion detection from text.
Social Network Analysis and Mining, 11(1), 81. https://doi.org/10.1007/s13278-021-00776-6.

Nariman, D. (2025). Sentiment analysis of hotel reviews using lexicon-based methods: A comparative
study of VADER and TextBlob. Lecture Notes in Networks and Systems, 231, 263-274. Retrieved from
https://doi.org/10.1007/978-3-031-76452-3_25.

Packard, G., & Berger, J. (2021). How concrete language shapes customer satisfaction. Journal of
Consumer Research, 47(5), 787-806. https://doi.org/10.1093/jcr/ucaa038

Parasuraman, A., Zeithaml, V. A., & Berry, L. L. (1988). SERVQUAL: A multiple-item scale for
measuring consumer perceptions of service quality. Journal of Retailing, 64(1), 12-40.

Prakash, A. A. (2024). Pre-processing techniques for preparing clean and high-quality data for diabetes
prediction. International Journal of Research Publication and Reviews, 5(2), 458-465.
https://doi.org/10.55248/gengpi.5.0224.0412

Ramadan Atta, M. H., Abdel-Hamid Hammad, H., & Elzohairy, N. W. (2024). The role of empathy in
the relationship between emotional support and caring behaviour towards patients among intern nursing
students. BMC Nursing, 23, Article 443. https://doi.org/10.1186/s12912-024-02074-w.

Sarraf, A., & Abbaspour, A. (2024). Utilizing NLP sentiment analysis approach to categorize Amazon
reviews against an extended testing set. International Journal of Computer, 50(1), 45-67. Retrieved from
https://www.ijcjournal.org/index.php/InternationalJournalOfComputer/article/view/2199.

Shaban, N. F., & Abolwafa, R. E. (2024). Using sentiment analysis to measure customer satisfaction:
Model and tool. International Journal of Cloud Computing and Database Management, 5(1), 34-37.
https://doi.org/10.33545/27075907.2024.v5.i1a.59.

Sharma, N. A., Ali, A. B. M. S., & Kabir, M. A. (2024). A review of sentiment analysis: tasks,
applications, and deep learning techniques. International Journal of Data Science and Analytics, 11(1), 45-
67. https://doi.org/10.1007/s41060-024-00594-x

Sherin Beevi, L., Vemuri, V. V., & Unnam, S. S. (2024). Sentiment analysis by using TextBlob and
making this into a webpage. AIP  Conference  Proceedings, 2802(1), 120009.
https://doi.org/10.1063/5.0182186.

Subha, B., Jisha, V. G., Haribaskar, R., Rao, C. S., Excelce, A. J., & Sajan, D. (2024). Sentiment analysis
of customer reviews for product marketing optimisation. In A. Hamdan & U. Braendle (Eds.), Harnessing
Al, Machine Learning, and IloT for Intelligent Business (pp. 721-728). Springer.
https://doi.org/10.1007/978-3-031-67890-5_64

Teoh, K. B., Gan, K. H., Darishini, L., Umamageswari, U., Neoh, K. Y., Jivega, N., Low, Y. L., Lu, S.,
Mah, E. T., & Ma, Y. Q. (2023). A study on customer satisfaction of AirAsia Berhad. International Journal
of Tourism & Hospitality in Asia Pacific, 6(3), 133-147. https://doi.org/10.32535/ijthap.v6i3.2170

Wen, Z., Chen, Y., Liu, H., & Liang, Z. (2024). Text mining-based approach for customer sentiment
and product competitiveness using composite online review data. Journal of Theoretical and Applied
Electronic Commerce Research, 19(3), 1776-1792. Retrieved https://doi.org/10.3390/jtaer19030087.

Wilfred, V., Prasad, M. V. R., & Kumar, J. P. S. (2024). Study of service quality, price sensitivity, and
passenger satisfaction in India’s airline sector. Innovative Marketing, 20(3), 182-192.
https://doi.org/10.21511/im.20(3).2024.15.

Wutich, A., Beresford, M., & Bernard, H. R. (2024). Sample sizes for 10 types of qualitative data
analysis: An integrative review, empirical guidance, and next steps. International Journal of Qualitative
Methods, 23, 1-14. https://doi.org/10.1177/16094069241296206

Xing, F., Malandri, L., Zhang, Y., & Cambria, E. (2020). Financial sentiment analysis: An investigation
into common mistakes and silver bullets. Proceedings of the 28th International Conference on
Computational Linguistics, 978-987. https://doi.org/10.18653/v1/2020.coling-main.85

https://doi.org/10.24191/abrij.v10i2 ©UiTM Press, Universiti Teknologi MARA



83 Idris & Zainuddin / Advances in Business Research International Journal (2024) Vol. 10, No. 2

Xiao, B., Liang, C., Liu, Y., & Zheng, X. (2022). Service staff encounters with dysfunctional customer
behaviour: Does supervisor support mitigate negative emotions? Frontiers in Psychology, 13, Article
987428. https://doi.org/10.3389/fpsyg.2022.987428

Xue, Y., & Ylagan, A. D. (2024). Airline services, passenger satisfaction, and loyalty among passengers
of China Southern Airline. International Journal of Research Studies in Management, 12(10), 57-72.
https://doi.org/10.5861/ijrsm.2024.1235

Yang, T., Wu, J.,, & Zhang, J. (2023). Knowing how satisfied/dissatisfied is far from enough: A
comprehensive customer satisfaction analysis framework based on hybrid text mining techniques.
International ~ Journal ~ of  Contemporary  Hospitality =~ Management,  36(3),  345-360.
https://doi.org/10.1108/ijchm-10-2022-13109.

© 2024 by the authors. Submitted for possible open access publication under
‘@ @ \ the terms and conditions of the Creative Commons Attribution (CC BY) license

(http://creativecommons.org/licenses/by/4.0/).

https://doi.org/10.24191/abrij.v10i2 ©UiTM Press, Universiti Teknologi MARA



